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Abstract

Process on classify for data to institute can be learning and understand from skills. On
research present case for able separate diseases form rubber tree leaf image 2 diseases is
phytophthora leaf fall and powdery mildew that can cause rubber trees to be a complication on at
one blow expression way rubber tree leaf by using image preprocessing techniques and compare
classification of plant leaf diseases between support vector machine and neural network Algorithm.
For this study, 400 images that cause RRIT251 to 200 images and RRIT600 were selected for this
study is phytophthora leaf fall 50 images, powdery mildew 50 images, Both of phytophthora leaf
fall and powdery mildew 50 images and healthy leaf.

In this experiment, support vector machine and neural network algorithm findings in this
work have shown the backpropagation neural network algorithm has produced about 909%,
convolutional neural network algorithm accuracy 68%, and support vector machine accuracy 86%.
For the specimens, leaves samples have to quite different the results of the testing were to
attribute may be faulty. However, have model with Backpropagation Neural Network algorithm
impart accuracy with more model than others.

Keywords:  Backpropagation neural network , Convolutional neural network, Support vector

machine, Image preprocessing, Rubber leaf diseases
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False positive rate : FPR =

total negatives N
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