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Abstract

Transportation that have a lot of visited points in each trip. Ordering visited points affects
the distance. In the computer science, this problem is called as travel salesman problem, which is a
problem with the graph used to find the shortest Hamiltonian circuit. The TSP is classified as NP-Hard
problem cannot be answered in the best possible time. Today, Heuristic algorithms are used, even
though they are not the best algorithms, but the Heuristic algorithm can provide answers in a
acceptable time and without long waiting, we can repeat this process as often as we can. Nearest

neighbor algorithm is one of the most simple and straightforward heuristic algorithm, but the nearest
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neighbor algorithm sometimes produces the intersection of routes. Therefore, in this research, it is to
improve the traveling system of the nearest neighbor salesman with 2-opt moving technique which
will manage the disadvantage of the nearest neighbor algorithm. The test results of the system in this
research are divided into 2 aspects. Is the period of processing of the Nearest Neighbor algorithm
aspect on 1,000 positions, the system process within a period of not more than 5 - 6 seconds, but
when combined with 2-opt technique, it will This time much more For the intersection of routes
when using the 2-opt technique, the intersection of the route will be reduced or none at all in some

cases.
Keywords: Travel Salesman Problem, Nearest Neighbor, Algorithm, Cross-line Circuit, 2-opt
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